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PROBLEM

Extremist groups such as ISIS have had success
spreading their agenda and recruiting members

DATASET

We have all Arabic tweets generated in 2015
through private access to Twitter Firehose.
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from all over the world. Their success has of-
ten been attributed to their social media strat-
egy. However, this claim has not been compre-
hensively evaluated.

Size
9,285,246,636
26,711,275

Dataset
Tweets
Accounts

We ask the following questions: Crowdsourcing efforts identified 24k ISIS ac-

1. How influential is ISIS? counts which we expand using method in [2]:

2. How fragile is ISIS against noise?
3. Can they be detected?

Size
341,365,270
173,340
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Seed ISIS accounts
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PageRank Bucket Month

Collective Influence (CI) of ISIS over months.
ISIS gained a little momentum in early 2015
but then its influence kept decreasing due to
Twitter cracking down on them.

Running PageRank on the interactions graph
and distributing results into 20 buckets in in-
creasing order of importance. ISIS is less influ-
ential than the average (left-skewed).

FRAGILITY OF ISIS COMMUNITY AGAINST SUSPENDED USERS
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Legit sample. Twitter spam effect on
legit users is relatively much smaller.
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ISIS. Majority of users (76%) interact-
ing with ISIS eventually get suspended.

AUC/ROC
Accuracy

0.92
0.84

port. arXiv preprint arXiv:1503.02401.
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Most accounts were detectable from first month.




